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Part-of-Speech Tagging
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Part-of-Speech Tagging + Base NP

e Sequence labeling task
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Named-Entity Recognition
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displaCy Named Entity Visualizer

When Sebastian Thrun PERSON = started working on self-driving cars at in , few people outside of
. /
the company took him seriously. “I can tell you very senior CEOs of major car companies would shake my hand

and turn away because | wasn’t worth talking to,” said ' Thrun PersoN |, now the co-founder and CEO of online higher education

startup Udacity, in an interview with .
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e rpsL = ribosomal protein, small 512
e POIA = DNA Bglymerase I

e o3| = galactose

e cat = chloramphenicol resistance

e aMp

o a7l
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e guertiapine = Seroquel XR

— S

e PN = penicillin = pneumonia

o ITUPAC = 7-{4-[4-(2,3-dichlorophenyl) piperazin-1-yl]

—
q

butoxy}-3,4-dihydroquinolin-2(1H)-qne
* loop, potassium-sparing and thiazide diuretics

(Dai et al, 2017)
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Sequence Labeling Model



Sequence Labeling vs Classification
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Sequence Labeling Model
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Conditional Random Fields
(CRF)
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Conditional Random Fields

e Training @4l algorithm 7191 probability 1§59

e Decoding @3l algorithm 7111 label sequence NfAanLAIE29
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Training Algorithm

e Forward-Backward algorithm

e Averaged Structured Perceptron



Forward-Backward Algorithm

e AU log-likelihood w84 data (forward)

e AU gradient YBILMAY parameter (forward-backward)
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